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 AQId AQId-1 AQId-2 LH DR C T P RH WS CC 

AQId 1.000           

AQId-1 .467 1.000          

AQId-2 .384 .485 1.000         

LH .125 .127 .122 1.000        

DR .068 .067 .069 .466 1.000       

SC -.002 .000 .000 .167 .099 1.000      

T -.029 -.022 -.042 -.001 .028 .021 1.000     

P -.014 -.006 .017 -.007 -.030 -.010 -.446 1.000    

RH .012 -.008 .020 -.007 -.008 -.018 -.761 .278 1.000   

WS -.002 .002 .001 -.002 .003 .004 .143 -.263 -.204 1.000  

C -.031 -.051 -.031 -.002 .005 -.012 -.202 -.107 .368 .055 1.000 

 

 3 .  KMO       

.659 Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 
Spring 

.000 Sig. Bartlett's Test of Sphericity 

.671 
 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 
Summer 

.000 Sig Bartlett's Test of Sphericity 

.685 Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 
Fall 

.000  Bartlett's Test of Sphericity 

.618 Kaiser-Meyer-Olkin Measure of Sampling Adequacy 
Winter 

.000 Sig Bartlett's Test of Sphericity 
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13% 12% 11% 12% PC4 
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8% 7% 8% 8% PC6 

6% 5% 6% 6% PC7 

6% 5% 5% 6% PC8 

5% 4% 4% 5% PC9 

5% 4% 3% 4% PC10 

3% 1% 2% 1% PC11 

 

(14)   
PC1 = 0.859*Temp-0.857*Hum+0.198* AQId-1+0.132* AQId-2+ 0.217*AQI+ 

0.209*DR+ 0.235*LH- 0.156*CC- 0.415*Press+ 0.427*WS+ 0.106*Curv 

(15)   
PC2=-0.324*Temp+0.269*Hum+0.644*AQId-1+0.618*AQId-

2+0.607*AQI+0.353*DR+0.544*LH-0.093*CC+0.053*Press-0.128*WS+0.262*Curv 

)  16( 
PC3=0.004*Temp+0.034*Hum-0.398*AQId-1-0.353*AQId-2-0.377*AQI +0.742*DR+ 

0.621*LH+ 0.046*CC+ 0.106*Press- 0.114*WS+ 0.303*Curv 

(17)   
PC4=--0.171*Temp+0.283*Hum+0.014*AQId-1-0.103*AQId-

2+0.056*AQI+0.034*DR+0.037*LH+0.719*CC-0.644*Press-0.489*WS+0.076*Curv 

(18)   
PC5=--0.04*Temp-0.038*Hum-0.026*AQId-1+0.027*AQId-2-0.052*AQI-0.276*DR-

0.164*LH+ 0.043*CC+ 0.055*Press- 0.056*WS+ 0.9*Curv 
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 Component 

 1 2 3 4 5 

T -0.702  0.585  -0.077 0.076 -0.057  

AQId-1 0.696  0.498  -0.092 -0.008 0.092  

AQId-2
 

0.665  0.49  -0.102 0.101 0.043  

AQId 0.606  0.511  -0.085 0.1  0.033  

RH 0.532  -0.569 0.147  0.385 0.001  

P 0.466  -0.518 0.04  -0.164 0.137  

DR -0.064  0.11  0.841  0  -0.223  

LH 0.15  0.309  0.792  -0.011 -0.112  

CC -0.115  -0.158 0.117  0.86  0.077  

SC -0.07  -0.067 0.364  -0.304 0.777  

WS -0.308  0.293  -0.02  0.381 0.493  
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 Component 

 1 2 3 4 5 

T 0.859  -0.324 0.004  -0.171 0.04  

H 
R-

0.857  
0.269  0.034  0.283  -0.038  

AQId-1 0.198  0.644  -0.398 0.014  -0.026  

AQId-2 0.132  0.618  -0.353 -0.103 0.027  

AQId 0.217  0.607  -0.377 0.056  -0.052  

DR 0.209  0.353  0.742  0.034  -0.276  

LH 0.235  0.544  0.621  0.037  -0.164  

C -0.156 -0.093 0.046  0.719  0.043  

P -0.415 0.053  0.106  -0.644 0.055  

WS 0.427  -0.128 -0.114 0.489  -0.056  

SC 0.106  0.262  0.303  0.079  0.9  
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     PCA-ANFIS  
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 Component 

 1 2 3 4 5 

AQId-1 0.734  -0.169 0.257  -0.183 0.011  

AQId 0.682  -0.112 0.25  -0.161 -0.114  

AQId-2 0.656  -0.178 0.268  -0.17  0.164  

P -0.125  -0.822 -0.132 0.009  -0.124  

C -0.023  0.713  0.378  -0.122 -0.329  

H -0.403  0.115  0.777  -0.279 0.102  

T 0.485  0.454  -0.505 0.172  -0.387  

LH 0.202  -0.071 0.328  0.708  -0.062  

DR -0.071  0.045  0.273  0.7  0.01  

WS 0.216  0.395  -0.224 0.092  0.802  

SC 0.096  -0.108 0.179  0.458  0.068  

  

 9 .        

 Compo ent 

 1 2 3 4 5 

RH -0.883 0.35  -0.035 0.044  -0.028

T 0.875 -0.33  0.013  0.131  0.016  

AQId-1 0.341 0.756  -0.167 -0.051 0.001  

 AQId-2 0.308 0.728  -0.148 -0.008 -0.001

 AQId 0.324 0.718  -0.152 -0.126 0.016  

DR 0.045 0.086  0.85  0.037  -0.287

LH 0.112 0.331  0.808  0.012  -0.14  

P -0.062 -0.165 0.076  -0.704 -0.054

WS 0.342 -0.135 -0.023 0.695  -0.025

C -0.515 0.223  -0.042 0.572  -0.105

SC -0.071 0.096  0.396  0.059  0.903  
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      ANFIS  PCA-ANFIS

ANFIS  PCA-ANFIS  

RMSE R2    RMSE  R2      

68/0 55/0  65/0  57/0  61/0  73/0    

63/0  60/0  67/0  54/0  67/0  74/0    

62/0  53/0  59/0  58/0  68/0  7/0    

52/0  66/0  64/0  46/0  87/0  78/0    
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1 2 3 4 5 6 
  

   
  

1 1102 498 12 1 0 0 1608 69/0  

2 211 1675 140 0 0 0 2026 83/0  

3 3 89 147 4 0 0 243 60/0  

4 0 17 22 25 0 0 64 39/0  

5 0 7 14 4 7 1 33 21/0  

6 0 1 16 2 1 1 21 05/0  
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1 2 3 4 5 6 
  

   
  

1 1293 765 10 0 0 0 2068 62/0  

2 351 3634 110 1 1 0 4097 88/0  

3 17 454 307 6 0 1 785 39/0  

4 1 14 10 12 0 0 37 32/0  

5 2 3 3 2 0 0 10 0 

6 0 0 0 0 1 0 1 0 
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1 2 3 4 5 6 
  

   
  

1 1405 696 37 0 0 0 2138 66/0  

2 486 2368 181 3 0 0 3038 78/0  

3 11 253 392 54 0 0 710 55/0  

4 2 22 33 31 0 0 88 35/0  

5 2 2 11 2 0 0 17 0 

6 0 2 5 0 0 0 7 0 

 

 14 .    

 

       

1 2 3 4 5 6 
  

   
  

1 1806 692 13 5 1 0 2517 71/0  

2 387 3186 135 7 3 0 3718 85/0  

3 26 184 460 6 1 0 677 67/0  

4 3 20 19 26 1 0 69 37/0  

5 0 5 5 0 0 0 10 0 

6 0 3 3 0 6 0 6 0 

 

 15 .        

 
     

1 2 3 4 5 6 

 69/0 83/0 6/0 39/0 21/0 05/0 

 62/0 88/0 39/0 32/0 0 0 

 66/0 78/0 55/0 35/0 0 0 

 71/0 85/0 67/0 32/0 0 0 
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1. inverse distance weighting (IDW) 
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